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Energy flow networks: deep sets for particle jets



https://link.springer.com/article/10.1007/JHEP01(2019)121
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Energy flow networks: deep
sets for particle jets
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Energyflow networks: 2019

Jet tagging via particle clouds

ParticleNet architecture
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Fully Connected
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Fully Connected
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ParticleNet: 2020

Particle Transformer for Jet Tagaing

(b) Particle Attention Block (c) Class Attention Block

ParticleTransformer: 2022


https://journals.aps.org/prd/abstract/10.1103/PhysRevD.101.056019
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t-SNE Feature 2
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ParticleNet features: t-SNE
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