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The stationary Schrodinger equation
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spherical wave
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The probability to observe the event characterized by the measurement (

w(¢, a)e(()
J d¢w (¢, a)e(C)

w((,a) = do/dS2 is the differential cross section, and the standard likelihood is

P(¢:a)=

I et i L Y 1] Hfdf;’c, g =

The second item of the log likelihood could be dropped

InL = In i) (¢
a;_zl (dew(c,a)e(g))JF; (G)
And the normalized integral could be approximated as
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Results: JAX Dominates with matmul
PyTorch Leads with Linear Layers

Mini-MLP Execution Time, Batch Size = 1024
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Table 1: The partial wave analysis model R, used to generate the data.

Ry Name F; (%) Mass(GeV) width
1 f0(980) 39.5 0.979 0.107
2 £2(2340) 37.1 2.548 0.324
3 f2(1525) 24.7 1.5223 0.0858
4 fo(1710) 8.30 1.6762 0.1627
5 f2(1270) 3.16 1.290 0.196
6 f2(2150) 2.22 2.162 0.159
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lex M (&)
F, —
’ ;|chkei¢’°Mk(Q)|z

SF:ZFk
k



HLIR

—7000
—7100
—7200
—7300
—7400

—InL

—7500
—-7600

‘I]Il‘I\I\ll!\\]\I\I‘II\I‘III\|1I1\

=7700

41 points

[¥]

_78080|||\‘|\\\‘\\\\|\|||‘J\\1‘\\\\‘\!|\[\\»\

0.5

1.0

2.0
SF

1.4 2.3 0l

—In L

3.5 4.0

—InL

—7000
—7100
—7200
—7300
—7400
— 7500
—7600
—7700
—7808

o 300 — 46\ 8

| (2048”0

i A SF = 120%

: &k A=10"2

= & 46 point

:I\\I‘I\\I‘I;I\\‘I\\po\l?ls\\\‘I\I\‘I\I\‘I\I\

.0 1.0 15 2.0 gl a5 4.0
SF

L= —InL+ AN(SF — SF)?



B LR IRZER M

Table 2: Fitting results of the partial wave analysis model Ry using —In L . Table 3: Fitting results of the partial wave analysis model R using L.
Ry Name F; (%) Mass(GeV) Width(GeV) Ry Name F; (%) Mass(GeV) Width(GeV)
1 f0(980) 39.24+1.5 1.015 4+ 0.043 0.102 + 0.030 1 £0(980) 39.3+1.6 1.017 +0.039 0.101 £ 0.035
2 f2(2340) 375+ 1.6 2.571 £0.015 0.281 +£0.017 2 f2(2340) 37.5+1.8 2.571 +£0.016 0.282 +0.018
3 fé(1525) 23.5+1.0 1.5233 + 0.0015 0.0841 £ 0.0031 3 £2(1525) 23.6 £1.0 1.5233 £+ 0.0015 0.0842 + 0.0031
4 fo(1710) 8.66 £ 0.93 1.6714 + 0.0047 0.159 +£0.010 4 fo(1710) 8.72 £0.96 1.6712 4 0.0047 0.159 +£0.010
5 f2(1270) 2.68 £ 0.57 1.288 £ 0.013 0.181 + 0.027 5 f2(1270) 2.72 £ 0.58 1.288 +0.014 0.182 1+ 0.026
6 f2(2150) 2.52 +0.63 2.152 £ 0.012 0.170 = 0.026 6 f2(2150) 2.52 £ 0.62 2.152 £ 0.012 0.170 £ 0.027
SF 114.0 SF 114.3
SF = 120% A=10"2
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