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3. Detect Anomaly by Autoencoder

Model predictions can be regarded as reference
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3. Detect Anomaly by Autoencoder
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No. Hits

3. Detect Anomaly by Autoencoder
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4. Anomaly Detection on EMC

In practice on EMC:
@ Select Jensen-Shannon Distance as loss;
@ Train model, obtain predictions, calculate losses for all crystals;

(Separately apply on energy and time histograms)
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4. Anomaly Detection on EMC

(3 Estimate loss probability density by Kernel-Density Estimation (KDE);
@ Anomalies: (1) Energy: Prob. < 0.5% (2) Time: Prob. < 0.1%
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5. Advantages of Machine Learning

Compare to

Traditional Method
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4. Strategy of Anomaly Detection

Loss Function: Jensen-Shannon Distance
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