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Large Al Models at the Frontiers of
Experimental High-Energy Physics
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Large Jet Models
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BIG EXPERIMENT PRODUCES BIG DATA
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BIG EXPERIMENT PRODUCES BIG DATA

Biggest Collider ever: the LHC
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BIG DATA FEEDS UP BIG MODELS
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Big Models are trained with Big Data...
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WE HAVE AN AMBITIOUS PLAN!
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WE HAVE AN AMBITIOUS PLAN!

(BI-)MONTHLY EVENT

SPOILER: NEXT EVENT ON LLM4HEP IN MARCH (STAY TUNED)!!!



FEBRUARY SKIPPED FOR
Al+HEP IN EAST ASIA

Al+HEP in East Asia

20252 H24H%28H
IBS
Asia/Seoul Bf[X

Maps and Directions
Visa Information

Code of Conduct

] sunghak.lim@ibs.re.kr

[ sunghak.lim@rutgers.edu

Notes:

e Please ignore any emails from 3rd party companies, as we do not have any contract.
e Connections to this website from overseas may be slow due to the IBS firewall. Sorry for the
inconvenience.

This regional workshop aims to connect researchers in East Asia working in the interdisciplinary field of
Artificial Intelligence and High Energy Physics (AI+HEP). The main topics covered include machine
learning for particle theory, phenomenology and experiments, astrophysics and cosmology, as well as
HEP tools for Al theory.

The workshop will have invited plenary talks, contributed presentations, and ample time for discussions.
Both domain experts and those who are interested in exploring the field are welcome to participate,
especially postdocs and graduate students. The goal is to foster a regional research community and to
stimulate more collaborations.
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https://indico.ibs.re.kr/event/789/

TODAY'S TOPIC: JET

1,200 x 1,091

Visit >

Jet is
A spiral of collinear “particles”

A natural consequence of QCD
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And a perfect ML playground!



JETS CAN BE CLASSIFIED
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JETS IS A SEQUENCE

L os oe Then a sequence could be
treated the same as a sentence
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Due to certain QCD quantities,
a jet could be decluttered and

then form a sequence AS NATURAL LANGUAGE



BIG DATA FEEDS UP BIG MODELS
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BIG DATA FEEDS UP BIG MODELS COSTLY!
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BIG DATA FEEDS UP BIG MODELS VIA...

In general, a smart way of training is needed to save money!
You want a more inclusive mode|

Model trained by exploiting
some property of input data
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BIG DATA FEEDS UP BIG MODELS VIA...

In general, a smart way of training is needed to save money!
You want a more inclusive model by digesting as much information as possible
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